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Abstract— In this paper the main problem which is considered
is the determinization of probablistic data which capable to
enable such data which is to be stored in legacy systems that
accepts only the deterministic input. Probabilistic data is
generated by automated data analysis/enrichment techniques
like entity resolution, information extraction, and speech
processing. Legacy system which is used is corresponding to the
pre-existing web applications like Picasa, Flickr etc. Our
intention and the very goal is to generate a deterministic
representation of probablistic data which optimizes the quality
of the end-application built on determisnistic data. Exploring
such a problem in the context of two very different data
processing tasks-which can be also termed as triggers and
selection queries. There by showing the approaches like
threshholding or top-1 selection which is traditionally used for
determinizing leading to suboptimal performance for such kind
of applications .Instead developing a query-aware strategy and
showing its various advantages over the existing solutions
through a wide-ranging empirical evaluation over the real and
synthetic datasets.
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I. INTRODUCTION
With the introduction of cloud computing and the rapid
increase of the use of web-based applications, people often
save their data in many various existing web applications.
Often, data of user is generated automatically through a
variety of signal processing,query analysis /enrichment
techniques before being stored in the various web
applications. For example modern DSLR cameras support
analysis of vision in order to generate tags such as
indoors/outdoors, various scenery, landscape / portrait etc.
Many modern photo cameras often have microphones for

users to speak out a descriptive sentence which is then
recognized by a speech recognizer to generate a set of tags to
be associated with the picture [2]. The picture (along with the
set of tags) can be seen in real-time using wireless
connectivity to Web applications such as Flickr. Putting such
data into web applications poses a challenge since such
automatically generated content is often uncertain and may
result in objects with probabilistic attributes. For example,
vision analysis may result in tags with probabilities [3], [4],
and, similarly automatic speech recognizer (ASR) may
produce an N-best list or a confusion network of utterances
[2], [3].This kind of probabilistic query must be
“determinized" before being saved in legacy web
applications. We refer to the difficulty of mapping
probabilistic data into the similar deterministic
representation as the determinization problem. Many such
approaches for the determinization problem can be made.
Two main approaches are the Top-1 and All techniques,
where we choose the most probabilistic value / all the
possible values of the attribute with the probability non-zero,
respectively. For example, a speech recognition system that
generates a single answer/tag for each expression can be seen
as using a top-1 strategy. Another technique might be to
choose a threshold τ and include each and every attribute
values with a probability greater than τ . However, such
approaches being doubted to the end-application often lead to
suboptimal results. A better approach is to design custom
determinization strategies that choose a determinized
representation which optimizes the value of the
end-application. Consider, for example, an end app that
supports triggers/alerts on automated content generation.
Examples
of
such
an
end-app
includes
publishing/subscribing system such as Google Alert, where
people put their subscriptions in the form of index keywords
(e.g.Gujarat earthquake) and predicts over a database (e.g.
this data is video). Google Alert finds all corresponding data
sets to the user based on the subscriptions. Now for example a
video about Gujarat Earthquake is to be uploaded on
YouTube. The video has a set of tags that were decided using
either by automatically vision processing and/or by
information retrieval techniques put over transcribed speech.
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Such tools which may create tags with probabilities (e.g.,
“Gujarat": 0.8, “earthquake":0.4, “election": 0.6), while the
important tags of the video could be “Gujarat" and
“earthquake". The determinization procedure should link the
video with suitable tags such that subscribers or the users
who are really very much involved in the video (i.e., whose
subscription includes the words “Gujarat Earthquake") are
notified while others are not overwhelmed by immaterial
data. Thus, in the given example , the determinization
process should minimise metrics called as false positives and
false negatives that result from a determinized representation
of data. Now take a example of different application such as
Flickr, to which pictures are uploaded automatically from
modern cameras along with the tags that may be generated
based on speech recognition or image enrichment
techniques. Flickr supports effective retrieval based on photo
tags. In such an application, people may have interest in
selecting determinized representation that optimizes
set-based quality metrics such as F-measure instead of
minimizing false positives/negatives. In this paper, we study
the difficulty of deteminizing datasets with probabilistic
attributes (usually generated by automatically by data
analyses/enrichment). Our approach exploits a workload of
triggers/queries to choose the top deterministic
representation for two types of applications– one that chains
triggers on generated content and another that supports
effective retrieval. Interestingly, the trouble of
determinization has not been explored widely in the past.
The most related research efforts are which explore how to
give deterministic answers to a query (e.g. conjunctive
selection query) over probabilistic database. Unlike the
problem of determinizing an answer to a query, our aim is to
determinize the data so as to enable it to be stored in legacy
deterministic databases such that the determinized
representation maximises the anticipated performance of
queries in the future. Solutions in [5], [6] cannot be
straightforwardly applied to such a determinization problem.
Probabilistic data is studied in this paper; the works that are
mostly related to ours is this project. They search how to
determine answers to a query over a probabilistic data. In
similarity, we have interest in best deterministic
representation of data (and not Determinizing Probabilistic
Data) so as to continue to use existing end-applications that
take only deterministic input. The conflicts in the two
problem settings lead to many different challenges. Authors
in the paper address a problem that chooses the set of
uncertain objects to be cleaned, in order to achieve the best
development in the quality of query answers. However, their
aim is to improve quality of single query, while our aim is to
optimize quality of overall query workload.

query which will efficiently optimize certain quality metrics
of the answer to these triggers/queries. Addressing the
problem of determinizing, a collecting items to optimize
set-based quality metrics, such as F-measure. They have
extended the solutions to handle a query model where
mutual exclusion is present among the tags. It also shows
that inter-relation among the tags can be leveraged in our
solutions to get better output. They also demonstrate that the
solutions are made to handle various types of queries. The
empirical demonstration of the proposed models are very
efficient and reach high-quality outputs that are very near to
those of the optimal solution. They have also demonstrated
that there is robust to small changes in the original query
workload

For a given workload of triggers/queries, the significant
challenge is to find the deterministic representation of the

A range of highly developed data models have been proposed
in the past. Our focus however was determinizing

II. RELATED WORK

A. Determinizing Probabilistic Data.
While we do not know of any previous work that directly
addresses the problem of determinizing probabilistic data as
studied in this paper, the works that are very related to ours
are [1],[6]. They search how to determinize answers to a
query over a probabilistic database. We are only concerned
in top deterministic representation of data so as to keep on
using accessible end-applications that take only deterministic
input. The differences in the two problem settings lead to
different challenges. Authors in [7] deal with a problem that
chooses the list of uncertain objects to be cleaned, in order to
realize the best development in the class of query answers.
However, their aim is to get better value of single query,
while ours is to optimize quality of overall query workload.
Also, the focus is on how to choose the most excellent sets of
objects and each chosen object is cleaned by human
clarification, whereas we determinize all objects
automatically. These differences effectively lead to different
optimization challenges. Another allied area is MAP
inference in graphical model [7], [8], whose goal is to
discover the assignment to each variable that together
maximizes the probability defined by the model. The
determinization problem for the cost-based metric can be
seen as an case of MAP inference problem. If we look the
problem that way, the test in front of us is to develop a fast
and high-valued inexact code to solve the equivalent
NP-hard problem.

B.Probabilistic Data Models.
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probabilistic objects, example image tags and speech output,
for which the probabilistic attribute model suffices. We
observe that determining probabilistic data stored in more
highly advanced probabilistic models such as tree might also
be interesting and can be possible [1]. Furthermore, our work
to deal with data of such high complexity is an interesting
future direction of work. There are many research efforts
related that deals with the problem of selecting terms to
number a document for document retrieval.

C.Key term Selection
There are many research efforts related that deals with the
problem of selecting terms to number a document for
document retrieval. A term-centric pruning method
explained in keeps topmost postings for each and every term
according to the individual score impact that each and every
posting will have if the term is seen in an for the function
search query [1]. We propose a scalable term selection for
categorization of text, which is based upon coverage of the
terms coverage of the terms The focus of these research
efforts is based on relevance – that is, finding the correct set
of terms that are most relevant to document. In our problem,
a set of possibly relevant terms and their relevance to the
document are already given by other data dealing out
techniques. Thus, our goal is not to find the relevance of
terms to documents, but to find and select keywords from the
given set of terms to represent the document, such that the
quality of answers to triggers/queries is optimized.

D .Query intent disambiguation.

Query information in such type of works is used to calculate
many appropriate terms for queries, of queries. However, our
aim is not to guess correct terms, but to find the correct
keywords from the terms that are automatically generated by
automated data generation tool[1].

similarities and correlations between queries/tags and
recommend queries/tags based on those information.
However, our aim is not to measure similarity between object
tags and queries, but to select tags from a given set of
uncertain tags to optimize certain quality metric of answers
to multiple.

III. CONCLUSION
Hence, from this paper we have considered problem of
deteminizing uncertain objects in order to organize and store
such data in already existing systems example Flickr which
only accepts deterministic value. Our aim is to produce a
deterministic depiction that optimizes the quality of answers
to queries/triggers that execute over the deterministic data
representation .As in future work, we plan to perform project
on efficient determinization algorithms that are orders of
scale faster than the enumeration based best solution but
achieves almost the same excellence as the optimal solution
and search determinization techniques as per the application
context, wherein users are also involved in retrieving objects
in a ranked order.
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