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ABSTRACT

lesions.
Computer-aided diagnosis (CAD) systems
have been used for analysis of several skin
diseases in the last few years. Psoriasis is a
life-threatening skin disease affecting life of
125 million people worldwide. The paper
presents a Computer-aided diagnosis (CAD)
systems to aid the diagnosis of psoriasis
along with its current practices, challenges
and assessment techniques. The paper also
gives a short review of the existing literature
for all clinical parameters of

Psoriasis

feature extraction, feature selection, disease
classification and overall CAD performance.
Using a fixed data size of 540 images with
equal number of healthy and diseased,10
fold cross-validation protocol, and SVM of
polynomial kernel of type two, CAD system
shows an accuracy of 63% with sensitivity
and specificity of 68% and 58%.

also

effective

use

of

dermatoscopy requires experience [1]. If a
dermatologist does not have sufficient
experience,

dermatoscopy will

actually

reduce the diagnostic accuracy [2-3]. Many
dermatologists therefore prefer to perform
biopsies to diagnose suspicious lesions.
However,

biopsies

are

painful

and

unpleasant for patients. Therefore, interest
has grown in computerised image analysis
methods. Psoriasis is a chronic and auto
immune disease with red and scaly plaques
on skin [4]. Statistics show that psoriasis
affects about 125 million people of the
world population [5]. The influence of
psoriasis

differs

depending

on

the

geographical regions. The pre-valence of
psoriasis in Europe, USA, Malaysia and
India is about 0.6–6.5%[6], 3.15% [7], 3%
[8] and1.02% [9], respectively. Psoriasisnot
only affects the skin, but also the quality of

INTRODUCTION
Dermatoscopy,

However,

known

as

life [9].

epiluminescence microscopy (ELM), is a
non invasive skin imaging technique that

FEATURES EXTRACTION

can help dermatologists improve their
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Feature extraction and feature selection in
psoriasis framework Feature extraction is
one of the most vital components of
computer-aided diagnosis (CAD) system For
an optimal
classification, the most effective features in
terms of degree of discrimination between
the classes have to be selected. Figure 1
shows the color images of the diseased skin
images and normal skin images. The
features

are

extracted

by

applying

mathematical operations on pixels of an
image and thus reduce the original dataset.
There are numerous feature extraction
techniques available in literature which can
(a)

be suited for dermatology images. We have

(b)

used 4 color features and 4 grey scale

Figure 1 (a) Diseased skin images (b)

features in our study which are 4 Texture
fature:

Energy,

Entropy,

Normal skin images

Homogeneity,

Contrast and 3 Color features red, green and

FEATURE SELECTION

blue component and one Redness feature.
Feature selection, generally used in machine
learning paradigm is another important step
for
classification of a disease. It avoids the
redundant and noisy features (less dominant
features) and
thus reduces the dimensionality of the
feature space which ultimately reduces the
computational

cost

and

improves

the

stability and classification accuracy [10].
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and mean specificity of 68% and 58%

CROSS VALIDATION
Classification is the final stage of CAD
system.

Brief

discussions

on

respectively.

CONCLUSION

several

classifiers used in

An automated CAD system is presented here

dermatology diagnosis are presented in this

for diagnosis of Psoriasis skin disease..Our

section. The support vector machine (SVM)

objective was to present an in-depth analysis

is a state of the art classification technique

of psoriasis disease classification using

based on statistical learning theory [11].

support vector machine frame work in three

Utilizing the training dataset, SVM provide

different scenarios: (i)choosing color space

a linear combination of a subset of data in

and its features; (ii) choosing gray scale

the form of support vectors. These support

features derived from grayscale spaces and

vectors build the separating hyper plane

(iii) by combining the color and gray scale

which classify the input datasets. Different

spaces.

kernel functions such as linear, polynomial

Table 1 Result of the simulation

and radial basis can be used with varying

1

Mean accuracy

63%

degree. We also used SVM for cross

2

Mean sensitivity

68%

validation technique.

3

Mean specificity

58%

RESULT
An in depth study of the risk classification
of the skin disease is performed in this
paper. We
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